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Procedure for Information Retrieval from Tamil biomedical queries

Assumptions:
Biomedical documents are tagged based on the term frequency
Dictionary contains list of Named Entities along with their
categories and tag pattern denoting type of sentence

Input: Query (eg. H 7))

Output: Medicinal information in structured format

Step 1: For a given query, retrieve relevant document from indexed
dataset (Tf-1df indexing)

Step 2: Pre-process the retrieved document to obtain POS tags and
morphemes

Step 3: ldentify the named entities and tag their category using NE
dictionary.

Step 4: Tag the sentence types based on the heuristic rules from the
Dictionary

Step 5: Feed Information to template.
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