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Abstract
The number of alien species introduced and undergoing range expansion in novel environments is steadily
increasing, with important consequences for native ecosystems. The efficacy of management planning and
decision making to limit such invasions can be improved by understanding how interventions will impact
the population dynamics of recently introduced species. To do so, here we expand on a typological framework that enables the classification of populations over time into 10 categories of commonness, and apply
it to a spatially discrete metapopulation with heterogeneous abundance across spatial units (patches). We
use this framework to assess the effect of cross-boundary management on the capacity of a metapopulation
with different demographic and dispersal characteristics, including time lags in population growth, to become common. We demonstrate this framework by simulating a simple theoretical metapopulation model
capable of exploring a range of environments, species characteristics, and management actions. Management can vary in the efficacy of propagule interception between patches, and in the synchronisation of
the implementation of these measures across patches (i.e. if management is implemented simultaneously
across patches). Simulations show that poor interception efficacy that only modestly reduces the number
of propagules entering a given spatial unit cannot be compensated for by strong management synchronisation between spatial units. Management synchronisation will nonetheless result in a reduction in rates
of spread once a critical threshold of interception efficacy has been met. Finally, time lags in population
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growth that may result in delayed spread are an important aspect to be considered in management as they
can amplify the efficacy of management. Our results demonstrate how a typological framework of categories of commonness can be used to provide practical insights for the management of biological invasions.
Keywords
Abundance, alien species, allee effect, biosecurity, occupancy, simulation model, spread, time lags

Introduction
The number of species becoming established in regions outside their native range is
rapidly increasing as a result of human trade and transport (Seebens et al. 2017). This
rapid accumulation of alien species is troublesome as biological invasions constitute
a major threat to biodiversity, local economies and human welfare (McGeoch et al.
2010; UNEP CBD 2010; Bellard et al. 2016). Cross-border biosecurity measures focussed on prevention of introductions are most effective at limiting invasions (Hulme
2009; Hulme et al. 2009; Scalera et al. 2016; IUCN 2018), in combination with the
management of populations of alien species that are already established (Martin et al.
2020). A combination of both approaches can also be used to prevent the secondary
spread of an introduced species across spatial units, such as water bodies or conservation areas (Vander Zanden and Olden 2008). Cooperation between countries is also
crucial to control biological invasions and prevent efforts from one country to control
a given species to be undermined by the lack of action of others where the species is
present (Genovesi 2011; Faulkner et al. 2020). The resources and self-interests of different countries can nonetheless affect the degree of cooperation.
Quantifying both the local abundance and area of occupancy of alien populations
is important to assess and track how a species newly introduced into a novel environment may spread (Catford et al. 2016; McGeoch and Latombe 2016). Considering
local abundance separately from the distribution is crucial to implement appropriate
management responses, as different actions will be more or less efficient over large
regions and small or large populations. For alien species that have recently been introduced, the residence time is also of utmost importance, as it will influence the urgency
and efficacy of management actions, with species spreading rapidly being of particular
concern (McGeoch and Latombe 2016). Residence time also provides important information on management feasibility (Brock et al. 2020). Taken together, these three
dimensions (local abundance, area of occupancy, residence time) can be combined following a typological approach into eight discrete categories of commonness for alien
species (Fig. 1; see also table 1 in McGeoch and Latombe 2016). In this typology, local
population size can be small or large, geographic range can be narrow or wide, and residence time can be short or long. A newly introduced alien species with low abundance
over a narrow range (‘Newly established’) can become more common, i.e. being abundant over a wide region after some time (‘Successful’), by transiting over time through
different categories of commonness (e.g. by first increasing its abundance locally before
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(e.g. large-scale projects
to prevent desertification)

Long residence time

Successful

Figure 1. Schematic showing the different trajectories to commonness for alien species described by a
typological approach based on ten categories. a For a metapopulation in a network of discrete patches,
abundance can be spatially heterogeneous, and both local mean abundance (LMA) and maximum local abundance (MxLA) must be used to capture all the potential trajectories to commonness (see text
explanation). Using LMA only to quantify local population size can underestimate the commonness of
a metapopulation. This results in the creation of two new categories in addition to the original eight categories from McGeoch and Latombe (2016): ‘Dispersed + abundant somewhere’ and ‘Sparse + abundant
somewhere’. b A population can transit from one category to another by increasing its abundance (blue
arrows – large circles) or range (yellow arrows) rapidly, or by remaining at similar abundance and range
levels over a long period of time (black arrows). When both abundance and range increase rapidly at the
same time, some categories may be skipped (e.g. transit directly from 'Newly established' to 'Dispersed +
abundant somewhere'). Arrows that cross or are under the dashed line indicate changes in abundance or
occupancy that occur after a time lag.
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dispersing). The sequence of categories will depend on the species’ demographic and
dispersal characteristics, but also on stochastic effects, lag phases, etc. It is important to
note that these categories should not be seen as having hard boundaries for species or
populations in space or time. Rather, they are a useful typological approach to better
understand and conceptualise the variable ways in which species expand their ranges
(and in some situations eventually contract them), and potentially identify management strategies that are more or less effective in each case.
The potential for a newly introduced alien species to become abundant will be
determined mostly by its local population growth rate, whereas its capacity to become
widespread will be determined primarily by its dispersal rate, and both can be influenced by humans. Newly introduced populations are often assumed to exhibit logistic
growth, although many factors can affect population growth, from the relationship
between density and per capita population growth to the influence of the local spatial structure on encounters between organisms (Law et al. 2003; Mistro et al. 2012).
Population growth can also be reduced by multiple mechanisms associated with small
population size leading to time lags caused, for example, by Allee effects (Courchamp
et al. 1999; Stephens et al. 1999; Berec et al. 2007), or the time required for genetic or
phenotypic adaptations to the new environment (Pérez et al. 2006). Such time lags in
population growth imply that newly introduced populations may remain at low density
and have a restricted range for some time, before growing and spreading across regions
(Mistro et al. 2012; Essl et al. 2015; Rouget et al. 2016; Hui and Richardson 2017).
Species dispersal, the mechanism directly responsible for range expansion, is affected by a wide variety of factors, from species’ physical traits, behaviours and movements to the presence of natural and human-mediated vectors, as well as properties of
the local environment (e.g. connectivity) (Nathan et al. 2012). At a given spatial scale,
dispersal can be considered to range from (1) diffusion processes (usually natural), (2)
dispersal involving long-distance dispersal events (either through natural processes or
human mediation), and (3) stratified diffusion explicitly representing two different
spatial scales (Wilson et al. 2009; Lewis et al. 2016; McGeoch and Latombe 2016).
Even human-mediated dispersal can encompass a wide variety of vectors with different
dispersal characteristics within a network of connected locations (e.g. Seebens et al.
2013; Banks et al. 2015). Long-distance dispersal, either natural or by human agency,
is a key factor responsible for dramatic increases in the spread and invasion success of
alien species (Lewis et al. 2016; Hui and Richardson 2017). Abundance and dispersal
are not independent phenomena, thus understanding how the combination of different growth and dispersal rates affect the abundance and range of species is necessary
to capture the complexity of the different ways in which a species can become more
common (McGeoch and Latombe 2016).
Here, we simulate the effect of cross-boundary management of a theoretical species on a network of discrete, interconnected patches randomly distributed in space,
exchanging propagules with each other through human mediation (i.e. a metapopulation). We analyse (1) how variations in interception efficacy (the proportion of propagules from the simulated species that get intercepted when migrating from one patch
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to another) and (2) management synchronisation between patches affects the trajectories of how alien species become more common under different demographic and
dispersal characteristics. Here management synchronisation represents the simultaneity in the implementation of management measures across patches. Once these measures start being implemented in a patch, low synchronisation therefore corresponds
to a delay before they start being implemented in other patches. In real systems, lack
of synchronisation can be driven by differences in priorities, for example if different
countries consider an alien species to be more or less harmful. Practical limitations
also play a role when, for example, resources to implement management measures
across, for example, water bodies, are logistically difficult or costly. We focus on crossboundary management, and do not consider within-patch management of alien populations in the model. We first outline the categories of commonness constituting the
typological approach, and the mechanisms through which a population can transit
from one category to another, i.e. the trajectory to commonness (sensu McGeoch and
Latombe 2016). We show how the original classification into eight categories must be
extended to consider ten categories, to account for the spatial heterogeneity in local
abundance. We then assess how the trajectory to commonness is affected by (1) various
demographic characteristics and dispersal rates, and (2) the interception efficacy and
the synchronisation of cross-boundary management across patches. This is particularly
relevant in the context of legislation that is implemented by groups of countries, such
as the European Union IAS regulation 1143/2014 (EU 2014).
We predict that stronger synchronisation in the implementation of cross-boundary
management in different patches and higher interception efficacy should limit the ability of a metapopulation to increase its area of occupancy across the network of patches.
This will prevent it from reaching categories of commonness characterised by large areas of occupancy. We expect that synchronisation is important for preventing alien species with good long-distance dispersal abilities from establishing in new patches before
cross-boundary management is implemented. By contrast, we expect that interception
efficacy plays an important role in spread to new patches for all alien species. Finally,
we anticipate that time lags will make the efficiency of cross-boundary management
less dependent on the synchronisation of cross-boundary managements.

Methods
Categories of commonness and mechanisms of transition between categories
Species range sizes are typically assessed using either the extent of occurrence (the total
continuous area over which the species occurs) or the area of occupancy (AoO, the
area within the extent of occurrence over which a species occurs, for a given spatial
grain) (IUCN 2001). Here, we use the AoO for a network of discrete patches of equal
size, randomly distributed in space, as it is independent of the spatial distribution of
patches, contrary to the extent of occurrence.
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Across a network of discrete patches, the abundance of populations occupying different patches will be heterogeneous. To obtain a single summary measure of abundance
over a set of independent patches that is independent from AoO, the local mean abundance (LMA), computed as the mean abundance of occupied patches (i.e. discarding
empty patches in the computation, otherwise LMA becomes simply proportional to the
overall abundance) is used (Gaston et al. 2000; McGeoch and Latombe 2016). However,
LMA decreases when new populations with low local abundance establish, which can result in the metapopulation being considered as less common than before. This is logically
incorrect, since the species has spread without becoming less abundant overall. In such
a situation, abundance has only become spatially heterogeneous. To prevent this logical
fallacy and account for the spatial heterogeneity in abundance, two additional categories
of commonness are needed: ‘Dispersed + abundant somewhere’ and ‘Sparse + abundant
somewhere’ (Fig. 1). Here the maximum local abundance (MxLA) of the metapopulation is quantified, as it will not change simply from averaging multiple population abundances. If a metapopulation includes abundant populations in a small number of patches, both the LMA and the MxLA will be large. If a small number of propagules spreads
to other patches, the LMA will decrease and can become small, whereas the MxLA will
remain high, capturing the constant abundance in the source patches. Species can have
different growth rates and dispersal characteristics across a region, and AoO, LMA and
MxLA will therefore change over time across the multiple discrete patches (see Suppl.
material 1: Appendix A for different archetypes of trajectories to commonness).

The metapopulation model
We apply the analyses in a model system consisting of 20 dimensionless patches with
the same carrying capacity, randomly distributed in space in a square region of 100 ×
100 distance units. Such patches can intuitively represent entities such as islands, water
bodies, or national parks, for which a number of cross-border management measures
exist (Kaplan and White 2002; Kark et al. 2015; IUCN 2018). The metapopulation
concept can also be extended to represent countries exchanging propagules, whose spatial scale is the one on which biosecurity legislation and measures are more commonly
designed and implemented. The distance between patches can then be considered as
a proxy to represent differences in the movements of propagules between patches resulting from various pathways between countries, such as the amount of trade and
people movements. Patches were at least five distance units from each other. While
the size of the chosen model system is arbitrary, it is within the range of realistic cases.
For example, the number of countries per continent ranges from 14 to 58, and there
are 27 member states in the European Union. Each patch had a carrying capacity of
K = 10,000 individuals. The population dynamics follows logistic growth:

 N 
N t 1  round  N t  r  N t  1  t  
K 



Eq. 1
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Table 1. Model parameters and their values. All parameters are combined in models, the only exception
being the two dispersal kernels that are used separately from each other.
Parameter name
Population model core parameter
Allee effect
Dispersal parameter

Parameter symbol
r
A

– Gaussian

σ

– Cauchy

γ

Synchronisation of cross-border
management

s

Intensity of cross-border
management

i

Simulation ID

Ø

Other parameters with fixed values
across simulations

K
Ø
Ø
Ø
Ø

Definition
Per capita growth rate

Parameter values
0.1, 0.2, 0.3, 0.4, 0.5, 0.6,
0.7, 0.8, 0.9, 1
Ø , 0.3 (weak Allee effect),
-0.001 (strong Allee effect)
5, 6, 7, 8, 9, 10

Value of the Allee effect (used to model time lag). A low
value indicates a high time lag.
Standard deviation of the Gaussian distribution.
Represents dispersal rate.
Scale parameter of the Cauchy distribution. Represents
0.5, 1.1, 1.7, 2.3, 2.9, 3.5
dispersal rate.
Number of time-steps (i.e. time) before a new patch
0, 1, 5, 10, 15, 20
starts implementing cross-boundary management. At
the most extreme values of s relatively few patches will
begin border measures within the time horizon of the
simulations. Represents synchronisation.
Proportion of immigrating individuals that are
0, 0.1, 0.2, 0.3, 0.4, 0.5, 0.6,
eliminated at each time-step. Represents the interception
0.7, 0.8, 0.9
efficacy of the cross-boundary management.
ID of the simulation run, characterised by a random
1, … , 20
spatial distribution of patches. For a given ID, the spatial
distribution of patches remains the same when varying
the other parameter values.
Carrying capacity of each patch
10000
Number of patches
20
Size of the square area
100 × 100 (dimensionless)
Minimum distance between two patches
5 (dimensionless)
Number of time steps per simulation
200

where r is the per capita growth rate, which varies between 0.1 and 1 (Table 1). Here we
use the model in a theoretical context to explore how relative changes in demographic
and dispersal characteristics would qualitatively impact the trajectory to commonness
of a metapopulation that is, by default, constantly increasing and spreading. Therefore,
the values of the carrying capacity and of the number of patches is arbitrary, although
the orders of magnitude reflect real systems. We nonetheless ran preliminary analyses
to assess the effects of varying these parameters. Simulations with K = 100 showed
qualitatively similar results, although a larger carrying capacity provided advantages
to populations that were able to disperse over long distances because of the increase
in number of propagules. Similarly, using more than 20 patches would provide more
dispersal opportunities between patches, and as a result the speed at which an alien
species would become common is likely to increase.
Patches were initialised with zero individuals of the focal alien species, except for
one randomly selected patch, which is initialised with 500 individuals (Suppl. material 1: Fig. B1 in Appendix B). At each time-step, two events occurred: (i) the population
of each patch grew following Eq. 1, and (ii) a proportion of the population migrated
to other patches with a probability determined by a distance-based gravity model using
dispersal kernels. For every focal patch, all patches (including itself ) received a score
based on the distance between their centres and the focal patch’s centre, computed
from the chosen dispersal kernel (described below). The scores were then divided by
the sum of scores to determine the proportion of propagules from the focal patch ei-
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ther remaining in the focal patch or migrating to another one. That is, each propagule
leaving a focal patch necessarily reached another patch. That implies that at each timestep, patches lose individuals due to emigration, and gain others from immigration.
If emigration was higher than immigration (which would happen for patches with
disproportionately high abundance compared to other patches), the population of the
patch decreased, in a classic source-sink dynamic (but this decrease was compensated
by local population growth).
The effect of different types of dispersal was compared by running the gravity model with either a Gaussian kernel (Eq. 2) or a Cauchy kernel (Eq. 3) (Suppl. material 1:
Fig. B2 in Appendix B). Different dispersal kernels (and combinations of kernels)
can be used to model the spread of a population, but the Gaussian and Cauchy distributions represent two extremes (McGeoch and Latombe 2016) (although another
trivial extreme case would be a uniform distribution, in which case the metapopulation would simply be equivalent to a single population). Gaussian kernels are typically
used to model simple diffusion for which long-distance dispersal is extremely rare.
Here we use it to represent a situation in which a population will spread in a network
by primarily invading neighbouring patches. The Cauchy kernel is commonly used
to model frequent long-distance dispersal events due to having a very fat tail (Nathan
et al. 2012; Lewis et al. 2016). Here we use it to represent frequent dispersal between
patches distant from each other. The Cauchy dispersal has a narrower peak than the
Gaussian kernel, implying that more propagules will remain in a given patch, although
the fat tail means that the propagules emigrating from a patch can do so over longer
distances. These two kernels also offer the advantage of being characterised by a single
parameter (contrary to stratified dispersal and many other fat-tail kernels), simplifying
simulation analyses.
G (d ) 

C (d ) 

1
2 2

d 2

e 2

1
  d 2 
 1    
    

2

Eq. 2
Eq. 3

where d is the distance between the centres of two patches, and σ and γ represent the
dispersal rate of the individuals (Table 1; Suppl. material 1: Fig. B2 in Appendix B).
The model was run for 200 time-steps for each replicate. That enabled the averaged abundance across the 20 patches to reach at least 9500 individuals, except for at
the lowest growth and dispersal rates. 20 replicates were run for each set of parameter
values (Table 1). For each replicate, a new random spatial configuration of the patches
was used (Suppl. material 1: Fig. B1 in Appendix B).
In addition, we implemented time lags using weak and strong Allee effects to explore the consequences of time lags in population growth on the efficacy of crossboundary management (Taylor and Hastings 2005; Berec et al. 2007; Hui and Richardson 2017). Species with a weak Allee effect can be especially problematic in practice, as they may remain undetected locally for a long time while spreading in other
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patches before increasing in abundance, but this time lag in return can enhance the
efficiency of proactive management measures. The Allee effects were modelled using
the following equation:

 N   N  A* K  
N t 1  round  N t  r  N t  1  t    t

K  
K




Eq. 4

A was set to 0.3, a value similar to those used in other studies (García-Díaz et al.
2019), for the weak Allee effect. A was set to -0.001 for the strong Allee effect, because
preliminary simulations showed that higher values would prevent the metapopulation
from spreading (see Suppl. material 1: Fig. B3 in Appendix B for the effect of changing
the value of parameter A on the growth rate of a population).

Cross-boundary management
To model cross-boundary management between patches, we restricted immigrating
propagules to successfully reach a patch with a probability i (varying from 0.1 to 1;
Table 1). Migrating propagules had a probability 1 – i of being eliminated. This probability, which represents the efficacy of cross-boundary management, was identical for
all patches in a simulation. The number of individuals reaching a patch at distance d
from a source patch is therefore on average N(t) × i × G(d) or N(t) × i × C(d). By setting
i > 0, we consider that management will only ever be partial, as results would be trivial
otherwise. Although full containment is approachable in some cases (e.g. Bailey et al.
2011), achievable efficacy depends on the species and life forms considered (Panett
and Cacho 2012). Note that we did not include any management affecting the local
abundance within patches, to isolate the effect of cross-boundary management.
To represent challenges linked to relative differences in the effective implementation of legislation in different countries and levels of cooperation between them, we
introduced the synchronisation term s between patches in the model. s represents the
time delay after which cross-boundary management starts being implemented in a
new patch (i.e. the opposite of synchronisation). Once a given patch starts applying
cross-boundary management, it applies for the rest of the simulation. Setting the time
delay s to 0 represents perfect synchronisation. We then ran simulations so that during
every s time-step, a new random patch starts implementing cross-boundary management, until all patches apply cross-boundary management (with s ranging from 1 to
20; Table 1). The values for i and s were chosen to cover a range that was large enough
to observe some effects on the modelled populations’ path to commonness using this
theoretical model. In practice synchronisation therefore represents differences in the
existence of suitable legislation, or in the effectiveness of implementation of crossborder biosecurity legislation across countries for a given species, as different countries
or regions can have different priority species. By varying i and s, we therefore explore
the efficiency of different types of cross-border management in reducing the time and
trajectory by which a species becomes abundant in all patches for different local population growth rates and rates of spread between patches.
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Computation of the categories of commonness
For assessing the path to commonness of a metapopulation in a given simulation using
the categories of the framework, the outputs of all time-steps of the 20 replicates were
used without implementing any cross-boundary management or time lag (i.e. 200 ×
20 = 4000 sets of values) for each dispersal kernel; we applied the following thresholds:
a metapopulation changed category if the population of an occupied patch reached
three quarters of the carrying capacity on average (i.e. LMA or MxLA > 7500), if more
than three quarters of the patches were occupied (i.e. AoO > 15), or if residence time
reaches half the number of time-steps. Since in our model a metapopulation necessarily becomes more common as time passes, increasing the number of time-steps during
a simulation results in more time-steps for which maximum AoO, LMA and MxLA
are attained, which artificially increases the number of time-steps for which the metapopulation is classified as ‘Highly successful’ or ‘Successful’. Therefore, only the first
100 time-steps for each simulation were used to better show the effect of varying the
parameter values on the path to commonness, setting the residence time threshold to
50 time-steps. This combination of thresholds enabled all categories of commonness
to be represented in the simulations, and enabled us to better discriminate the effect
of the different model parameters on the simulation outputs. For each simulation, the
proportion of the number of time-steps spent in each category of the 100 time-steps
was computed. This proportion was then averaged over the 20 replicates of each parameter combination and used to assess the path to commonness for each combination
of parameter values.

Relative effect of cross-boundary management with and without time lag
We assessed if the effect of cross-boundary management was higher in the presence of
an Allee effect compared to logistic growth, i.e. if cross-boundary management changes the time spent in a category more when a time lag is present. First, we compared
the time (number of time-steps) spent in a category of commonness with and without
cross-boundary management, using the following formula (the ‘sparse’ category is used
here as an example):
prop _ rel ( Sparse, i

0, s

0)

prop ( Sparse, i

0, s

0)

1
1

prop ( Sparse , i
prop ( Sparse , i

0, s
0, s

0)
0)

Eq. 5

This formula prevents divisions by 0 when a metapopulation did not reach the category without cross-boundary management (i = 0, s = 0). It also gives the same result
(0) when a metapopulation did not reach the category with cross-boundary management for different (i ≠ 0, s ≠ 0) combinations, regardless of the outcome without
cross-boundary management. A low value indicates that the metapopulation spends
less time in the category when cross-boundary management is applied (the values are
bounded between 0 and 0.75).
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Eq. 5 was applied to the logistic growth and the Allee effects separately, and the difference prop_rel_Allee() – prop_rel() was then computed. A positive difference indicates
that the proportion of time spent in a category of commonness increased following
application of cross-boundary management when a time lag was applied relative to the
logistic growth, whereas a negative difference indicates that this proportion decreased.
In other words, non-zero values indicate that, for the same intrinsic growth and dispersal rates, time lag enhanced the effect of cross-boundary management.

Results
Trajectories to commonness under different demographic and dispersal
characteristics in the absence of cross-boundary management
During a simulation run, metapopulations transited through different categories of
commonness, with the specific sequence depending on the spatial distribution of
patches. Fig. 2 shows how, for a given combination of parameter values, a metapopulation changed from one category to another as time passed, with differences between
spatial distributions indicated by differences in the time step at which transitions occurred. To summarise these results, the area covered by each category in a barplot
(visualised by a specific colour in Fig. 2) was divided by the total area, therefore representing the proportion of time spent in a category over a simulation run with a specific
combination of parameter values (Figs 3–6).
In the absence of cross-boundary management, no metapopulation was classified
as ‘Not common’ at the end of the simulations. Except for the minimum values of
growth and dispersal rate, the majority of the simulations reached high abundance and
occupancy, often quickly (i.e. the ‘Successful’ category, often transiting through the
‘Highly Successful’ category; Figs 3A, C, 4A, C). Under a Gaussian kernel and at low
dispersal, populations were only present in a few patches, and reached high abundance
with a speed depending on the per capita growth rate (i.e populations with low growth
rate remained in the ‘Newly established’ category for a long time before transiting
to the ‘Constrained’ category, via ‘Incipient’ when growth rate increased). As growth
rate increased, simulations reached the ‘Successful’ category, because high local abundance provided propagules to disperse to other patches. For low growth rate and high
dispersal, metapopulations dispersed quicker, reaching the ‘Sparse + abundant somewhere’ via the ‘Dispersed’ category. Very few simulations reached the ‘Sparse’ category,
because population size in the initial patch increased over time. For high growth and
dispersal rates, metapopulations first rapidly increased in occupancy, followed by their
local abundance, and therefore reached ‘Highly successful’ via the ‘Dispersed’ and the
‘Dispersed + abundant somewhere’ category (Figs 3A, 4A).
Results were qualitatively similar for the Cauchy dispersal, as shown by the similar
colour distributions (compare Fig. 3A, C). There were nonetheless quantitative differences, as the establishment of small populations in several patches within a short time

252

Guillaume Latombe et al. / NeoBiota 62: 241–267 (2020)
Cauchy dispersal
1.0
0.6
0.4
0.2

50

100

0.0

1

1

50

1.0
0.8
0.6

100

Long residence time
Incipient

r = 0.6, γ = 1.7, i = 0.4, s = 5

Dispersed

Dispersed +
abundant somewhere
Highly successful

Short residence time
Long residence time

0.4

0.8

50

100

0.0

0.2

0.4

1

Short residence time Long residence time

1

50

Short residence time

100

Long residence time

1.0

r = 1, γ = 3.5, i = 0.9, s = 20

Sparse

Sparse +
abundant somewhere
Successful

1

50

100

Short residence time Long residence time

0.0

0.2

0.4

0.4

0.6

0.6

0.8

Not common

Constrained

0.8

1.0

r = 1, σ = 10, i = 0.9, s = 20

0.2
0.0

Newly established

Short residence time

0.6

1.0

r = 0.6, σ = 7, i = 0.4, s = 5

0.2
0.0

Proportion in a category

Short residence time Long residence time

Proportion in a category

r = 0.1, γ = 0.5, i = 0, s = 0

0.8

1.0
0.8
0.6
0.4
0.2
0.0

Proportion in a category

Gaussian dispersal
r = 0.1, σ = 5, i = 0, s = 0

1

Short residence time

50

100

Long residence time

Figure 2. Modelling the fate of alien species populations and their assignment to different categories
of commonness through time for the Gaussian and Cauchy dispersal kernels, for specific combinations
of per capita growth rate, dispersal capacity, interception efficacy and synchronisation of cross-boundary
management (low, intermediate and maximum over the three columns), using the framework presented
in Fig. 1. The lengths of the bars represent the proportion of simulations ending in a given category for a
given time step, over the 20 replicates (each replicate being characterised by a different spatial distribution
of the patches).

through long-distance dispersal events led to (i) more widespread populations with
high local abundance (expressed by a higher proportion of time spent in the ‘Dispersed
+ abundant somewhere’, ‘Highly successful’ and ‘Successful’ categories), and (ii) very
few simulations resulting in the ‘Constrained’ category (Figs 3C, 4C).

The impact of cross-boundary management on the trajectories to commonness
Cross-boundary management preventing the migration of propagules between patches
had a much higher effect on populations with a Gaussian compared to those with a
Cauchy dispersal kernel (compare the differences between Fig. 3A, B and Fig. 3C, D,
between Fig. 4A, B and Fig. 4C, D; compare the changes in colours between Figs 5
and 6). In the case of Gaussian dispersal, interception efficacy was especially important, as shown by the variation in time spent in each category as interception efficacy
increased and the fact that almost no population reached the ‘Successful’ category at
high interception efficacy (Figs 3B, 4B; top row of the ‘Successful’ matrix in Fig. 5). As
interception efficacy increased, populations became less widespread, but still had high
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Figure 3. Modelling the fate of alien species populations with different population growth and dispersal rate, and their assignment to different categories of commonness, without (a, c) and with (b, d)
maximum cross-boundary management (lowest and highest interception efficacy and synchronisation),
for the logistic growth and the Gaussian (a, b) and Cauchy (c, d) dispersal kernels, using the framework
presented in Fig. 1. Colours of the cells represent the proportion of time spent in each category of commonness for a specific combination of parameter values, with dark brown representing 50% of time and
light yellow 0%. Simulations have been done for 20 patches with a carrying capacity K = 10 000, and
the outputs were averaged over 20 replicates. Bottom-left corner is the lowest set of parameter values (see
Table 1), representing low population growth and dispersal rate.

local abundance. This is reflected by the decline in the proportion of populations in the
‘Successful’ and ‘Highly successful’ categories, whereas the proportion of ‘Newly established’, ‘Not common’, ‘Constrained’ and ‘Sparse + abundant somewhere’ increased
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(moving up in the matrices of Fig. 5). The effect of synchronisation was only apparent
at high interception efficacy, and had an important impact on the capacity of the species to become common, as shown by the large increase in time spent in the ‘Newly
established’ and ‘Not common’ categories and a decline in the ‘Dispersed + abundant
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Figure 5. Effect of varying the interception efficacy and synchronisation of cross-boundary management
for the Gaussian dispersal kernel on the fate of alien species populations and their assignment to different
categories of commonness, using the framework presented in Fig. 1. Colours of the cells represent the
proportion of time spent in each category of commonness for a specific combination of parameter values,
with dark brown representing 50% of time and light yellow 0%. Results are presented so that variations
in per capita growth and dispersal rates are nested within the synchronisation and efficacy of biosecurity
measures. That is, within each category of commonness, each small rectangle represents a set of simulations for a given set of interception efficacy and synchronisation values. Within each small rectangle, the
values of growth and dispersal rate are varied. Small rectangles in the bottom-left corners of each category
of commonness are the lowest set of interception efficacy and synchronisation values, i.e. no cross-boundary management, and are the same as the matrices presented in Fig. 3A. Small rectangles in the top-right
corners of each category of commonness are the highest set of interception efficacy and synchronisation
values, and are the same as the matrices presented in Fig. 3B. Simulations have been done for 20 patches
with a carrying capacity K = 10 000, and the outputs were averaged over 20 replicates.
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somewhere’ and ‘Sparse + abundant somewhere’ categories (moving right in the top
rows of the matrices of Fig. 5).
Although no within-patch management was implemented, cross-boundary management eventually caused species commonness to decline (dark red arrows in Fig. 4).
This was a result of the effect of numerous migrating propagules being eliminated
when dispersal was high, therefore countering demographic effects. This is also why,
under high growth and dispersal rates, species reach the ‘Sparse + abundant somewhere’ rather than the ‘Successful’ category, the latter being mostly reached at intermediate dispersal rate (top-right of the corresponding matrices in Fig. 3B).
For the Cauchy dispersal kernel, cross-boundary management only had a substantial effect on population spread at high interception efficacy and high synchronisation
(top-right of the matrices in Fig. 6). Contrary to the Gaussian dispersal kernel, for
which the effect of interception efficacy was progressive, there was a threshold of 0.6
under which interception efficacy had no detectable effect (i.e. more than half of the
propagules had to be intercepted; compare bottom and top halves of the matrices
in Fig. 6). Once this threshold was attained, the effect of interception efficacy and
synchronisation became apparent and was progressive, and mostly limited the spread
of the metapopulation. Cross-boundary management then mostly increased the time
spent in the ‘Incipient’ and ‘Constrained’ categories, and decreased the time spent in
the ‘Highly successful’ and, to a lower extent, in the ‘Dispersed + abundant somewhere’ and the ‘Successful’ categories. However, with a Cauchy dispersal kernel even
cross-boundary management with high interception efficacy and synchronisation had
a limited effect on population spread and growth, and most simulations reached the
‘Successful’ and some even the ‘Highly successful’ categories (Figs 3D, 4D).
Variability in the results across the 20 replicates was much higher for the Gaussian
than for the Cauchy dispersal kernel (compare Suppl. material 1: Figs C1 and C2 in
Appendix C). The paucity of long-distance dispersal events when using the Gaussian
kernel resulted in the spatial distribution of the patches being primarily responsible for
the spread of an alien species. In contrast, the more likely long-dispersal events of the
Cauchy dispersal kernels made the outcome of the simulations largely independent of
the spatial distribution of patches.

The impact of time lags on the trajectories to commonness and the efficacy of
cross-boundary management
Time lags in the growth rate of local populations led to increasing the time it took for
the metapopulation to become common (compare Suppl. material 1: Fig. D5 in Appendix D with Fig. 2, Figs D2 and D4 with Fig. 5, and Figs D3 and D5 with Fig. 6).
Using a weak Allee effect was similar to decreasing the growth rate for both dispersal
kernels (compare Suppl. material 1: Figs D2 and D3 in Appendix D with Figs 5, 6).
When a strong Allee effect was used, almost no simulation reached the ‘Highly successful’ or the ‘Successful’ categories, for both the Gaussian and the Cauchy dispersals
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Figure 6. Effect of varying the interception efficacy and synchronisation of cross-boundary management
for the Cauchy dispersal kernel on the fate of alien species populations and their assignment to different
categories of commonness, using the framework presented in Fig. 1. Colours of the cells represent the
proportion of time spent in each category of commonness for a specific combination of parameter values,
with dark brown representing 50% of time and light yellow 0%. Results are presented so that variations
in per capita growth and dispersal rates are nested within the synchronisation and efficacy of biosecurity
measures. That is, within each category of commonness, each small rectangle represents a set of simulations for a given set of interception efficacy and synchronisation values. Within each small rectangle, the
values of growth and dispersal rate are varied. Small rectangles in the bottom-left corners of each category
of commonness are the lowest set of interception efficacy and synchronisation values, i.e. no cross-boundary management, and are the same as the matrices presented in Fig. 3C. Small rectangles in the top-right
corners of each category of commonness are the highest set of interception efficacy and synchronisation
values, and are the same as the matrices presented in Fig. 3D. Simulations have been done for 20 patches
with a carrying capacity K = 10 000, and the outputs were averaged over 20 replicates.
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(Suppl. material 1: Figs D4 and D5 in Appendix D). For the Cauchy kernel, simulations that reached the ‘Successful’ category for logistic growth instead reached the
‘Sparse + abundant somewhere’ category for the strong Allee effect. For the Gaussian
kernel, almost all simulations reached either the ‘Not common’ or the ‘Sparse’ category,
depending on a threshold in the dispersal parameter.
When a weak Allee effect was used to model time lags, the general effect of crossborder management measures was similar to their application to metapopulations with
logistic growth (compare Suppl. material 1: Figs D2 and D3 in Appendix D with
Figs 5, 6). For the strong Allee effect and the Cauchy dispersal, a threshold of 0.5 on
the interception efficacy over which an effect could be noted was observed, similar to
metapopulations with a logistic growth and a weak Allee effect (compare Suppl. material 1: Fig. D5 in Appendix D with Fig. 6). In contrast, a threshold on the interception
efficacy appeared for the Gaussian dispersal (Suppl. material 1: Fig. D4 in Appendix
D). Over 20% of intercepted propagules, most simulations only reached the ‘Not
common’ category (and to a lower extent the ‘Sparse’ category), which was not observed for the logistic growth and the weak Allee effect.
The effect of cross-boundary management also tended to be disproportionately
higher for populations with time lags compared to logistic growth, for both the weak
and strong Allee effects. The difference in ratios used to compute the relative effect was
negative for the ‘Highly successful’ and ‘Successful’ categories (indicating disproportionally less time spent in these categories), and overall positive for the other categories, for both the Gaussian and the Cauchy dispersal (Suppl. material 1: Figs E1–E4
in Appendix E). The only exception was the ‘Sparse + abundant somewhere’ category
for the Gaussian dispersal and weak Allee effect, as the time spent in this category was
relatively lower with time lags at low growth rate values, and relatively higher at intermediate growth rate values.

Discussion
Effects of cross-boundary management on the trajectories to commonness
This study offers four key insights relevant to the prevention of the spread of alien species across borders of spatial entities (such as countries). First, the large difference in the
impact of cross-boundary management on populations with versus without long-distance dispersal suggests that the implementation of preventive measures at the points
of entry of a country (eg. at land borders, ports or airports) is unlikely to be efficient for
all species. Global connections are increasing, both through trade of goods and movement of people, and preventing such long-distance distance transport of propagules
across countries seems unrealistic under the current status-quo (McNeely 2006). It
will therefore be important to evaluate how combinations of cross-border management
with a range of local management measures (including biocontrol, culling, etc.) will
enhance their respective efficiency. Since in our model, cross-border management had
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a disproportionate effect when time lags were present, this suggests that this combination of ecological dynamics and management intervention may reinforce each other
and could be deployed to improve management effectiveness by control measures that
simulate a lag effect, i.e. reducing population reproductive output by, for example,
biological or other forms of control.
Second, interception efficacy of cross-boundary management has a larger effect on
the capacity of a metapopulation to become more common than synchronization between regions, over the range of parameters for which cross-border management has an
effect on the spread of the metapopulation. Increasing interception efficacy decreased
the growth of metapopulations, which therefore reached the ‘Highly successful’ and
‘Successful’ categories less frequently, regardless of the synchronisation between countries, in the absence of long-distance dispersal (i.e. for the Gaussian dispersal kernel).
Synchronisation only had a noticeable effect when more than half of the propagules
entering a patch were consistently intercepted. When long-distance dispersal occurred
(i.e. for the Cauchy dispersal kernel), a combination of both high interception efficacy
and good synchronisation between countries was required to substantially limit the
ability of the population to become ‘Highly successful’ or ‘Successful’, although that
only applied for low growth rate and dispersal capacity.
Importantly, there was a clear threshold indicating that at least half the propagules
entering a patch were required to be intercepted consistently to prevent the metapopulation from dispersing rapidly (Figs 5, 6). These results suggest that implementing effective national biosecurity measures have the potential to limit the spread and growth of
alien species even if other countries are lagging behind in their implementation, but that
their efficacy will likely be enhanced if they are implemented simultaneously by multiple
countries. Doing so is necessary to prevent the emergence of small, separate populations
of alien species, whose detection and eradication has been shown to be more important
than that of large populations (Mack and Lonsdale 2002). This result provides support
for the importance of the species-targeted, cross-boundary control efforts for invasive
alien species of agricultural and environmental concern that have been advocated elsewhere (Epanchin‐Niell and Hastings 2010; Kark et al. 2015; Blackburn et al. 2020).
Third, the spatial distributions of the patches had a stronger effect on the time spent
in each category of commonness for the populations without long-distance dispersal, as
shown by the higher standard deviation in each category (Suppl. material 1: Figs C1–C6
in Appendix C). For populations whose spread follows a diffusion process and which
increase their local abundance before spreading to neighbouring regions, cross-boundary
management limiting immigration to a new patch is probably not the most efficient
management, especially without clear spatial planning. Such spatial planning can be
difficult to achieve across different countries with their own constraints and priorities.
Instead, early detection combined with removal actions (see e.g. Travis and Park 2004;
Chadès et al. 2011 for guidelines on the spatially-explicit management of alien species) or cross-boundary management limiting the emigration from a location where the
species is present, may be more efficient. For example, the International Standards for
Phytosanitary Measures No. 15 (ISPM15), developed by the International Plant Protec-
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tion Convention, provides treatment standards for wood packaging materials, to limit
the introduction of alien wood-feeding insects (Haack et al. 2014). The Ballast Water
Management Convention ensures that ships from signatory countries perform ballast
water replacement at least 200 nautical miles from shore, and use approved ballast water
treatment systems, to prevent carrying and spreading aquatic alien species (IMO 2004).
Finally, the disproportionately beneficial effects of cross-border management when
time lags were implemented in the model suggests that preventive cross-boundary management may provide a substantial advantage to contain the spread and growth of undetected alien species undergoing time lags. Time lags have been shown to impair the
prediction of future invasions, therefore impeding proper application of management
actions (Taylor and Hastings 2005). However, the relationship between cross-boundary
management and time lags is often neglected (see e.g. table 1 in Tobin et al. 2011).

Application of the categories of commonness
Establishing the link between the categories of commonness, species biology, crossboundary management and in situ management measures could improve our ability
to understand and therefore to limit the spread of alien species, and therefore their
potential impact. The combination of the typological framework with the modelling
approach presented here enables exploration of the effects of different levels of interception efficacy and synchronisation of cross-boundary management across different
regions, and for species with different demographic and dispersal characteristics.
Applying the framework to a theoretical model setting has shown unexpected results
for the path to commonness of populations with different demographic and dispersal
characteristics. In particular, the results demonstrate that dispersal can be so high that,
combined with very efficient cross-boundary management, this could result in the metapopulation becoming less common than under lower dispersal rates, for the Gaussian
dispersal kernel (as shown by the dark colour in the bottom-left of the small squares in the
‘Successful’ matrix in Fig. 5). Although these simulations are less realistic than other combinations of parameter values, they can be used to conceptualise specific situations. Very
high dispersal despite low abundance in the model can represent the existence of hubs
through which propagules transit (Floerl et al. 2009). Very high dispersal rate and very
efficient cross-boundary management in the model, leading to a decrease in overall abundance, can represent the combination of additional management actions of species already
established (Novoa et al. 2018; Martin et al. 2020). In addition, only two types of dispersal kernels, representing a diffusion process and long distance dispersal, were implemented
in the model to simplify the analyses and due to computational limitations. In practice,
both types of dispersal would therefore occur simultaneously in a metapopulation, with
the exact shape of their kernel and their relative rate depending on the species biology and
the characteristics of the environment (Pyšek and Hulme 2005). Our simulations were
designed to represent two extreme cases between which real species’ spread will lie.
In the theoretical model presented here, the time period spent by a population in
each category of commonness will be influenced by the parameter values, the number
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of patches available, the carrying capacity of the patches, and their spatial distribution
(Alharbi and Petrovskii 2019). In particular, using parameter values for the two dispersal kernels that allow for a comparison of the results is not straightforward, and we used
a visual inspection of the kernels to do so. The thresholds to differentiate the 10 types
of commonness were then determined so that each category of commonness would
be represented in the simulations. This enabled us to better detect the effect of different cross-boundary management measures on the path to commonness for the two
extreme types of dispersal models and the set of parameters used in the simulations.
In practice, thresholds should be based on the biology and the ecology of species
(for example on the species ability to maintain stable populations). Using such criteria would allow for global assessments of the state of biological invasions, as is done,
for example for species becoming rare with the IUCN Red List of Threatened Species (IUCN 2019). From an applied management perspective, defining the thresholds
based on the management capacity of countries may also be appropriate, and could
vary in space and time based on the management capacities of a country, the development of novel management methods, and an understanding of how the ‘coupled human and natural system’ affects invasions (Sinclair et al. 2020).
The model we used therefore represents a canvas on which more realistic and specific models can be based. Such models can be based on the parameterisation of the
growth and dispersal rate of specific species (including a more progressive exploration
of changes in the frequency of long-distance dispersal events). They can also explore
how the spatial distribution, size distribution and environmental heterogeneity of multiple countries can be analysed using this framework of categories of commonness.

Conclusions
Understanding the trajectories of alien species introduced into separate spatial units (e.g.
countries, islands, water bodies) that ultimately may lead to commonness is crucial for
designing effective management measures. Appreciating that IAS become abundant and
expand their ranges in a number of distinct ways provides potential to explore options for
designing the most effective, category-specific management strategies (Novoa et al. 2020).
The typological framework presented here enables us to analyse the role of cooperation
among spatial units for altering how a newly introduced species may become common
across them. The theoretical model was designed to be adapted to real systems in the future, including cross-border surveillance, biosecurity or legislation such as the EU regulation on invasive alien species (EU 2014). We consider the following insights particularly
relevant for applied purposes: First, spread will be reduced more if some countries implement effective biosecurity, albeit interceptions are not rapidly implemented everywhere
(i.e. low management synchronisation but high efficacy) rather than all countries implementing biosecurity at the outset but the rate of interceptions is low (i.e. high management synchronisation but low efficacy). Second, the presence of long-distance dispersal
requires a minimum level of interception efficacy to prevent an alien species from becoming common across a set of spatial units, although that only applied for low growth rate
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and dispersal capacity. Once such a threshold is crossed, synchronisation across spatial
units will improve the efficacy of management. Third, time lags in population growth
that may result in delayed spread are an important aspect to be considered explicitly for
management, as they can amplify the efficacy of such measures. It will be important to
assess the generality of these findings for a range of different real cases.

Acknowledgements
GL and FE appreciate support from the BiodivERsA-Belmont Forum Project “Alien Scenarios” (FWF project no I 4011-B32). MM acknowledges support from ARC
DP200101680. This paper emerged from a workshop on ‘Frameworks used in Invasion Science’ hosted by the DSI-NRF Centre of Excellence for Invasion Biology in
Stellenbosch, South Africa, 11–13 November 2019, that was supported by the National Research Foundation of South Africa and Stellenbosch University.

References
Aikio S, Duncan RP, Hulme PE (2010) Lag‐phases in alien plant invasions: separating
the facts from the artefacts. Oikos 119: 370–378. https://doi.org/10.1111/j.16000706.2009.17963.x
Alharbi W, Petrovskii S (2019) Effect of complex landscape geometry on the invasive species
spread: Invasion with stepping stones. Journal of theoretical biology 464: 85–97. https://
doi.org/10.1016/j.jtbi.2018.12.019
Bailey SA, Deneau MG, Jean L, Wiley CJ, Leung B, MacIsaac HJ (2011) Evaluating efficacy of
an environmental policy to prevent biological invasions. https://doi.org/10.1021/es102655j
Banks NC, Paini DR, Bayliss KL, Hodda M (2015) The role of global trade and transport
network topology in the human‐mediated dispersal of alien species. Ecology letters 18:
188–199. https://doi.org/10.1111/ele.12397
Bellard C, Cassey P, Blackburn TM (2016) Alien species as a driver of recent extinctions. Biology letters 12: 20150623. https://doi.org/10.1098/rsbl.2015.0623
Berec L, Angulo E, Courchamp F (2007) Multiple Allee effects and population management.
Trends in Ecology & Evolution 22: 185–191. https://doi.org/10.1016/j.tree.2006.12.002
Blackburn GS, Bilodeau P, Cooke T, Cui M, Cusson M, Hamelin RC, Keena MA, Picq S, Roe
AD, Shi J (2020) An Applied Empirical Framework for Invasion Science: Confronting
Biological Invasion Through Collaborative Research Aimed at Tool Production. Annals of
the Entomological Society of America. https://doi.org/10.1093/aesa/saz072
Brock KC, Daehler CC (2020) Applying an invasion and risk framework to track non-native
island floras: a case study of challenges and solutions in Hawai‘i. In: Wilson JR, Bacher S,
Daehler CC, Groom QJ, Kumschick S, Lockwood JL, Robinson TB, Zengeya TA, Richardson DM (Eds) Frameworks used in Invasion Science. NeoBiota 62: 55–79. https://
doi.org/10.3897/neobiota.62.52764

Cross-boundary management and trajectory to commonness in biological invasions

263

Bruelheide H, Dengler J, Jiménez‐Alfaro B, Purschke O, Hennekens SM, Chytrý M, Pillar
VD, Jansen F, Kattge J, Sandel B (2019) sPlot-A new tool for global vegetation analyses.
Journal of Vegetation Science 30: 161–186. https://doi.org/10.1111/jvs.12710
Catford JA, Baumgartner JB, Vesk PA, White M, Buckley YM, McCarthy MA (2016) Disentangling the four demographic dimensions of species invasiveness. Journal of Ecology 104:
1745–1758. https://doi.org/10.1111/1365-2745.12627
Chadès I, Martin TG, Nicol S, Burgman MA, Possingham HP, Buckley YM (2011) General
rules for managing and surveying networks of pests, diseases, and endangered species. Proceedings of the National Academy of Sciences 108: 8323–8328. https://doi.org/10.1073/
pnas.1016846108
Chong KY, Raphael MB, Carrasco LR, Yee ATK, Giam X, Yap VB, Tan HTW (2017) Reconstructing the invasion history of a spreading, non-native, tropical tree through a snapshot
of current distribution, sizes, and growth rates. Plant Ecology 218: 673–685. https://doi.
org/10.1007/s11258-017-0720-3
Chytrý M, Hennekens SM, Jiménez‐Alfaro B, Knollová I, Dengler J, Jansen F, Landucci F,
Schaminée JHJ, Aćić S, Agrillo E (2016) European Vegetation Archive (EVA): an integrated database of European vegetation plots. Applied vegetation science 19: 173–180.
https://doi.org/10.1111/avsc.12191
Clark TL, Iannone III B V, Fei S (2018) Metrics for macroscale invasion and dispersal patterns.
Journal of Plant Ecology 11: 64–72. https://doi.org/10.1093/jpe/rtw136
Courchamp F, Clutton-Brock T, Grenfell B (1999) Inverse density dependence and the Allee effect. Trends in ecology & evolution 14: 405–410. https://doi.org/10.1016/S01695347(99)01683-3
Early R, Bradley BA, Dukes JS, Lawler JJ, Olden JD, Blumenthal DM, Gonzalez P, Grosholz
ED, Ibañez I, Miller LP (2016) Global threats from invasive alien species in the twentyfirst century and national response capacities. Nature Communications 7: 12485. https://
doi.org/10.1038/ncomms12485
Epanchin‐Niell RS, Hastings A (2010) Controlling established invaders: integrating economics and spread dynamics to determine optimal management. Ecology letters 13: 528–541.
https://doi.org/10.1111/j.1461-0248.2010.01440.x
Essl F, Dullinger S, Rabitsch W, Hulme PE, Pyšek P, Wilson JRU, Richardson DM (2015)
Historical legacies accumulate to shape future biodiversity in an era of rapid global change.
Diversity and Distributions 21: 534–547. https://doi.org/10.1111/ddi.12312
Essl F, Lenzner B, Courchamp F, Dullinger S, Jeschke JM, Kühn I, Leung B, Moser D, RouraPascual N, Seebens H (2019) Introducing AlienScenarios: a project to develop scenarios
and models of biological invasions for the 21 st century. NeoBiota 45: 1–17. https://doi.
org/10.3897/neobiota.45.33366
EU (2014) Regulation (EU) No 1143/2014 of the European Parliament and of the Council of
22 October 2014 on the prevention and management of the introduction and spread of
invasive alien species.
Faulkner KT, Robertson MP, Wilson JRU (2020) Stronger regional biosecurity is essential to
prevent hundreds of harmful biological invasions. Global Change Biology 26: 2449–2462.
https://doi.org/10.1111/gcb.15006

264

Guillaume Latombe et al. / NeoBiota 62: 241–267 (2020)

Floerl O, Inglis GJ, Dey K, Smith A (2009) The importance of transport hubs in stepping‐
stone invasions. Journal of Applied Ecology 46: 37–45. https://doi.org/10.1111/j.13652664.2008.01540.x
Gallardo B, Bacher S, Bradley B, Comín FA, Gallien L, Jeschke JM, Sorte CJB, Vilà M (2019) InvasiBES: Understanding and managing the impacts of Invasive alien species on Biodiversity
and Ecosystem Services. NeoBiota 50: 1–109. https://doi.org/10.3897/neobiota.50.35466
García-Díaz P, Anderson DP, Lurgi M (2019) Evaluating the effects of landscape structure on
the recovery of an invasive vertebrate after population control. Landscape Ecology 34:
615–626. https://doi.org/10.1007/s10980-019-00796-w
Gaston KJ, Blackburn TM, Greenwood JJD, Gregory RD, Quinn RM, Lawton JH (2000)
Abundance-occupancy relationships. Journal of Applied Ecology 37: 39–59. https://doi.
org/10.1046/j.1365-2664.2000.00485.x
Genovesi P (2011) Are we turning the tide? Eradications in times of crisis: how the global
community is responding to biological invasions. Island invasives: eradication and management: 5–8.
Griggs D, Stafford-Smith M, Gaffney O, Rockström J, Öhman MC, Shyamsundar P, Steffen
W, Glaser G, Kanie N, Noble I (2013) Policy: Sustainable development goals for people
and planet. Nature 495: 1–305. https://doi.org/10.1038/495305a
Haack RA, Britton KO, Brockerhoff EG, Cavey JF, Garrett LJ, Kimberley M, Lowenstein
F, Nuding A, Olson LJ, Turner J (2014) Effectiveness of the International Phytosanitary
Standard ISPM No. 15 on reducing wood borer infestation rates in wood packaging material entering the United States. PLoS ONE 9(5): e96611. https://doi.org/10.1371/journal.
pone.0096611
Hudson LN, Newbold T, Contu S, Hill SLL, Lysenko I, De Palma A, Phillips HRP, Senior RA,
Bennett DJ, Booth H (2014) The PREDICTS database: a global database of how local
terrestrial biodiversity responds to human impacts. Ecology and evolution 4: 4701–4735.
https://doi.org/10.1002/ece3.1303
Hui C, Richardson DM (2017) Invasion Dynamics. Oxford University Press. https://doi.
org/10.1093/acprof:oso/9780198745334.001.0001
Hulme PE (2009) Trade, transport and trouble: managing invasive species pathways in an era
of globalization. Journal of Applied Ecology 46: 10–18. https://doi.org/10.1111/j.13652664.2008.01600.x
Hulme PE, Pyšek P, Nentwig W, Vilà M (2009) Will threat of biological invasions unite the
European Union. Science 324: 40–41. https://doi.org/10.1126/science.1171111
IMO (International Maritime Organization) (2004) International convention for the control
and management of ships’ ballast water and sediments. Page International Conference on
Ballast Water Management for Ships, BWM/CONF/36, 16 February 2004.
IUCN (2001) IUCN Red List categories and criteria. Gland, Switzerland and Cambridge,
UK, IUCN.
IUCN (2018) Guidelines for invasive species planning and management on islands. Cambridge, UK, and Gland, Switzerland.
IUCN (2019) The IUCN Red List of Threatened Species. Version 2019-1. http://www.iucnredlist.org

Cross-boundary management and trajectory to commonness in biological invasions

265

Kaplan DM, White CG (2002) Integrating Landscape Ecology into Natural Resource Management. Cambridge University Press.
Kark S, Tulloch A, Gordon A, Mazor T, Bunnefeld N, Levin N (2015) Cross-boundary collaboration: key to the conservation puzzle. Current Opinion in Environmental Sustainability
12: 12–24. https://doi.org/10.1016/j.cosust.2014.08.005
Latombe G, Pyšek P, Jeschke JM, Blackburn TM, Bacher S, Capinha C, Costello MJ, Fernández M, Gregory RD, Hobern D, Hui C, Jetz W, Kumschick S, McGrannachan C, Pergl
J, Roy HE, Scalera R, Squires ZE, Wilson JRU, Winter M, Genovesi P, McGeoch MA
(2017) A vision for global monitoring of biological invasions. Biological Conservation
213: 295–308. https://doi.org/10.1016/j.biocon.2016.06.013
Law R, Murrell DJ, Dieckmann U (2003) Population growth in space and time: spatial logistic
equations. Ecology 84: 252–262. https://doi.org/10.1890/0012-9658(2003)084[0252:PG
ISAT]2.0.CO;2
Lewis MA, Petrovskii SV, Potts JR (2016) The mathematics behind biological invasions.
Springer. https://doi.org/10.1007/978-3-319-32043-4
Mack RN, Lonsdale WM (2002) Eradicating invasive plants: hard-won lessons for islands.
Turning the tide: the eradication of invasive species: 164–172.
Martin PA, Shackelford GE, Bullock JM, Gallardo B, Aldridge DC, Sutherland WJ (2020)
Management of UK priority invasive alien plants: a systematic review protocol. Environmental Evidence 9: 1–1. https://doi.org/10.1186/s13750-020-0186-y
McGeoch MA, Butchart SHM, Spear D, Marais E, Kleynhans EJ, Symes A, Chanson J,
Hoffmann M (2010) Global indicators of biological invasion: species numbers, biodiversity impact and policy responses. Diversity and Distributions 16: 95–108. https://doi.
org/10.1111/j.1472-4642.2009.00633.x
McGeoch MA, Latombe G (2016) Characterizing common and range expanding species. Journal of Biogeography 43: 217–228. https://doi.org/10.1111/jbi.12642
McNeely JA (2006) As the world gets smaller, the chances of invasion grow. Euphytica 148:
5–15. https://doi.org/10.1007/s10681-006-5937-5
Mistro DC, Rodrigues LAD, Petrovskii S (2012) Spatiotemporal complexity of biological invasion in a space-and time-discrete predator-prey system with the strong Allee effect. Ecological Complexity 9: 16–32. https://doi.org/10.1016/j.ecocom.2011.11.004
Mitchell CE, Agrawal AA, Bever JD, Gilbert GS, Hufbauer RA, Klironomos JN, Maron JL,
Morris WF, Parker IM, Power AG (2006) Biotic interactions and plant invasions. Ecology
letters 9: 726–740. https://doi.org/10.1111/j.1461-0248.2006.00908.x
Nathan R, Klein EK, Robledo-Arnuncio JJ, Revilla E (2012) Dispersal kernels. Dispersal ecology
and evolution, 187–210. https://doi.org/10.1093/acprof:oso/9780199608898.003.0015
Novoa A, Shackleton R, Canavan S, Cybèle C, Davies SJ, Dehnen-Schmutz K, Fried J, Gaertner M, Geerts S, Griffiths CL, Kaplan H, Kumschick S, Le Maitre DC, Measey J, Nunes
AL, Richardson DM, Robinson TB, Touza J, Wilson JRU (2018) A framework for engaging stakeholders on the management of alien species. Journal of Environmental Management 205: 286–297. https://doi.org/10.1016/j.jenvman.2017.09.059
Novoa A, Richardson DM, Pyšek P, Meyerson LA, Bacher S, Canavan S, Catford JA, Čuda J,
Essl F, Foxcroft LC (2020) Invasion syndromes: A systematic approach for predicting bio-

266

Guillaume Latombe et al. / NeoBiota 62: 241–267 (2020)

logical invasions and facilitating effective management. Biological Invasions: 1–20. https://
doi.org/10.1007/s10530-020-02220-w
Pagad S, Genovesi P, Carnevali L, Schigel D, McGeoch MA (2018) Introducing the global register of introduced and invasive species. Scientific data 5: 170202. https://doi.org/10.1038/
sdata.2017.202
Panetta FD, Cacho OJ (2012) Beyond fecundity control: which weeds are most containable? Journal of Applied Ecology 49: 311–321. https://doi.org/10.1111/j.13652664.2011.02105.x
Parker IM, Simberloff D, Lonsdale WM, Goodell K, Wonham M, Kareiva PM, Williamson
MH, Von Holle B, Moyle PB, Byers JE, Goldwasser L (1999) Impact: toward a framework
for understanding the ecological effects of invaders. Biological Invasions 1: 3–19. https://
doi.org/10.1023/A:1010034312781
Pérez JE, Nirchio M, Alfonsi C, Muñoz C (2006) The biology of invasions: the genetic adaptation
paradox. Biological Invasions 8: 1115–1121. https://doi.org/10.1007/s10530-005-8281-0
Pergl J, Pyšek P, Essl F, Jeschke JM, Courchamp F, Geist J, Hejda M, Kowarik I, Mill A, Musseau C (2019) Need for routine tracking of biological invasions. Conservation biology:
the journal of the Society for Conservation Biology. https://doi.org/10.1111/cobi.13445
Pyšek P, Hulme PE (2005) Spatio-temporal dynamics of plant invasions: Linking pattern to
process. Ecoscience 12: 302–315. https://doi.org/10.2980/i1195-6860-12-3-302.1
Rouget M, Robertson MP, Wilson JRU, Hui C, Essl F, Renteria JL, Richardson DM (2016)
Invasion debt-Quantifying future biological invasions. Diversity and Distributions 22:
445–456. https://doi.org/10.1111/ddi.12408
Scalera R, Genovesi P, Booy O, Essl F, Jeschke JM, Hulme P, McGeoch MA, Pagad S, Roy
HE, Saul W-C, Wilson J (2016) Progress toward pathways prioritization in compliance to
Aichi Target 9. Document UNEP/CBD/ SBSTTA/20/INF/5. Convention on Biological
Diversity, Montreal, Canada. https://doi.org/10.13140/RG.2.1.3838.5523
Seebens H, Blackburn TM, Dyer EE, Genovesi P, Hulme PE, Jeschke JM, Pagad S, Pyšek P,
Winter M, Arianoutsou M (2017) No saturation in the accumulation of alien species
worldwide. Nature Communications 8: 14435. https://doi.org/10.1038/ncomms14435
Seebens H, Essl F, Blasius B (2017b) The intermediate distance hypothesis of biological invasions. Ecology letters 20: 158–165. https://doi.org/10.1111/ele.12715
Seebens H, Gastner MT, Blasius B, Courchamp F (2013) The risk of marine bioinvasion caused
by global shipping. Ecology letters 16: 782–790. https://doi.org/10.1111/ele.12111
Sinclair JS, Brown JA, Lockwood JL (2020) Reciprocal human-natural system feedback loops
within the invasion process. In: Wilson JR, Bacher S, Daehler CC, Groom QJ, Kumschick
S, Lockwood JL, Robinson TB, Zengeya TA, Richardson DM (Eds) Frameworks used
in Invasion Science. NeoBiota 62: 489–508. https://doi.org/10.3897/neobiota.62.52664
Stephens PA, Sutherland WJ, Freckleton RP (1999) What is the Allee effect? Oikos: 185–190.
https://doi.org/10.2307/3547011
Taylor CM, Hastings A (2005) Allee effects in biological invasions. Ecology Letters 8: 895–
908. https://doi.org/10.1111/j.1461-0248.2005.00787.x
Tobin PC, Berec L, Liebhold AM (2011) Exploiting Allee effects for managing biological invasions. Ecology letters 14: 615–624. https://doi.org/10.1111/j.1461-0248.2011.01614.x

Cross-boundary management and trajectory to commonness in biological invasions

267

Travis JMJ, Park KJ (2004) Spatial structure and the control of invasive alien species. Animal
Conservation forum, 321–330. https://doi.org/10.1017/S1367943004001507
UNEP CBD (2010) Strategic plan for biodiversity 2011–2020 and the Aichi targets. Page
Report of the Tenth Meeting of the Conference of the Parties to the Convention on Biological Diversity.
Vander Zanden MJ, Olden JD (2008) A management framework for preventing the secondary
spread of aquatic invasive species. Canadian Journal of Fisheries and Aquatic Sciences 65:
1512–1522. https://doi.org/10.1139/F08-099
Wangen SR, Webster CR (2006) Potential for multiple lag phases during biotic invasions:
reconstructing an invasion of the exotic tree Acer platanoides. Journal of Applied Ecology
43: 258–268. https://doi.org/10.1111/j.1365-2664.2006.01138.x
Wilson JRU, Dormontt EE, Prentis PJ, Lowe AJ, Richardson DM (2009) Something in the
way you move: dispersal pathways affect invasion success. Trends in Ecology & Evolution
24: 136–144. https://doi.org/10.1016/j.tree.2008.10.007

Supplementary material 1
Appendix A–E
Authors: Guillaume Latombe, Franz Essl, Melodie A. McGeoch
Data type: Supplementary documentation
Explanation note: Appendix A. Archetypes of trajectories to commonness; Appendix
B. Model characteristics; Appendix C. Standard deviation results without time
lags; Appendix D. Results with time lags; Appendix E. Relative effect of pre-border cross-boundary management for the Gaussian dispersal kernel with and without time lags.
Copyright notice: This code is made available under the Open Database License
(http://opendatacommons.org/licenses/odbl/1.0/). The Open Database License
(ODbL) is a license agreement intended to allow users to freely share, modify, and
use this Dataset while maintaining this same freedom for others, provided that the
original source and author(s) are credited.
Link: https://doi.org/10.3897/neobiota.62.52708.suppl1

